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! Frames of Mind: The Theory of Multiple intelligences by Howard Gardner

living
things and
reading
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of why we live,

and why we die
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Perception-feature

Raw data —>  Features

Feature
engineering
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Classification - training

—— Decision Tree

if feature1 < b
result <= O

if feature1l > b and feature2 > a
result <= A

if feature1l > b and feature1l < ¢ and feature2 < a
result <= O

if feature1 > ¢
result <= A

>

Feature 1
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Supervised Learning Unsupervised Learning Semi-supervised Learning



{ regression

2= classification 2 2|7
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Generalization

overfitting underfitting good fit

Problem of generalization: a small emprical risk R,,,, does not
Imply small true expected risk R.



Clustered data
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Environment (&3)

Agent: &9 FH|
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